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A Novel Volterra Prediction Model for Power System Short-Term
Load Prediction

HUI Meng, LIU Panzhi

(School of Electronics and Control, Chang’an University, Xi’an 710064, China)

Abstract: Focusing on short-term load forecasting in power system, a novel Volterra model is
proposed. Once determining whether chaotic character exists in the load time series, the load
time series is reconstructed following phase space reconstruction theory. Compared with normal
Volterra model, the new Volterra model contains more accurate information of system without
truncated errors. This Volterra model is used to predict a short-term load and the results show
that the error between the predicted load and true load is less than 5%. The predicted short-term
load is accurate enough for electric power dispatching, especially for power companies to adjust
price.
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